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ABSTRACT
Research demonstrates that crime concentrates at relatively few
microplaces, and changes at a small proportion of locations can
have a considerable influence on a city’s overall crime level. Yet
there is little research examining what accounts for change in
crime at microplaces. This study examines the relationship
between two mechanisms for place-based improvements – pri-
vate investment in the form of building permits and public regu-
lation in the form of municipal code enforcement – and yearly
changes in crime at street segments. We use longitudinal data
from six cities to estimate Spatial Durbin Models with block group
and census tract by year fixed effects. Building permits and code
enforcement are significantly associated with reductions in crime
on street segments across all cities, with spatial diffusion of bene-
fits to nearby segments. These findings suggest public safety
planning should include efforts that incentivize and compel phys-
ical improvements to high crime microplaces.
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Introduction

Research on spatiotemporal crime patterns reveals that crime is concentrated at rela-
tively few microplaces (e.g. addresses, intersections, street segments, and businesses),
it tends to be stable over time, and changes at a small proportion of microplaces can
have a considerable effect on a city’s overall crime level (e.g. Andresen et al., 2017;
Braga et al., 2010; Curman et al., 2015; Groff et al., 2010; Lee et al., 2017; Sherman
et al., 1989; Tillyer & Walter, 2019; Weisburd et al., 2004, 2012, 2014). These findings
have prompted calls for targeted place-based interventions to efficiently allocate
scarce prevention resources (Groff et al., 2010; Weisburd et al., 2012). Research on
place-based interventions has primarily focused on hot spots policing, which has dem-
onstrated the viability of targeting small spatial scales for prevention (e.g. Ariel et al.,
2020; Weisburd & Eck, 2004; Weisburd et al., 2010, 2021). Some scholars, however,
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have also emphasized the potential of non-policing place-based improvements that
may be well suited to address underlying criminogenic conditions of microplaces (Eck,
2018a; Eck & Eck, 2012; MacDonald, 2015; Sampson, 1989).

The study of crime and place has largely drawn from two traditions, both of which
suggest place-based improvements may reduce crime (see Wilcox & Tillyer, 2018 for a
review). The first is a community criminology perspective that highlights concepts
such as social disorganization, informal social control, and collective efficacy (Sampson
et al., 1997; Shaw & McKay, 1942). While research in this paradigm has traditionally
focused on understanding neighborhood-level variability in crime, some researchers
have applied these concepts to smaller spatial scales, arguing that theoretical proc-
esses that rely on social interaction, cooperation, and the development of shared
norms for problem solving may be more relevant at smaller units of analysis where
there is a greater degree of familiarity among residents (e.g. Groff, 2015; Weisburd
et al., 2004, 2012). The second is an environmental criminology perspective that views
the spatial distribution of crime as a function of criminal opportunity, defined by
offenders’ perceptions of the effort, risk, and rewards of crime (Clarke & Cornish,
1985). Offenders’ perceptions are shaped by the characteristics of places, including
environmental design, routine activities, and place management (Brantingham &
Brantingham, 1981; Cohen & Felson, 1979; Cozens, 2008; Jeffery, 1971; Newman, 1972).

As we discuss more fully below, physical improvements to microplaces may discour-
age crime, both by increasing informal social control and reducing criminal opportun-
ity. Building on research examining spatiotemporal crime patterns, this study uses
data from six large and varied U.S. cities (Chicago, Los Angeles, New York City,
Philadelphia, San Antonio, and Seattle) over an eleven-year period1 to examine the
relationship between two mechanisms for place-based improvements – private invest-
ment in the form of building permits and public regulation in the form of municipal
code enforcement – and changes in crime at street segments over time. We also
examine the effects of building permits and code enforcement on crime at nearby
segments to detect evidence of spatial displacement and/or diffusion of benefits. The
results highlight how practices beyond traditional policing strategies, such as incentiv-
izing targeted private investment and prioritizing code enforcement at crime hot
spots, might be strategically implemented to enhance public safety.

Spatiotemporal Crime Patterns

An established set of research findings from the past 30 years demonstrates that crime
tends to spatially concentrate at relatively few microplaces within cities, with numer-
ous studies documenting the nonrandom distribution of crime across addresses, inter-
sections, street segments, and businesses (e.g. Andresen & Malleson, 2011; Braga et al.,
2010, 2011Curman et al., 2015; Eck et al., 2000; Gill et al., 2017; O’Brien & Winship,
2017; Sherman et al., 1989; Tillyer & Walter, 2019; Weisburd & Amram, 2014; Weisburd
et al., 2004, 2009). Weisburd has referred to this phenomenon as the law of crime con-
centration, stating that “for a defined measure of crime at a specific microgeographic

1The study period is 2008–2018 for all cities except San Antonio, for which the data were limited to 2008–2016.
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unit, the concentration of crime will fall within a narrow bandwidth of percentage for
a defined cumulative proportion of crime” (2015, p.138). Despite historical focus neigh-
borhood-level variation in crime, such studies reveal substantial within-neighborhood
variation and highlight the degree to which a relatively small proportion of micropla-
ces account for a disproportion amount of a city’s total crime. For example, Weisburd
et al. (2004) report that just 4.5% of street segments in Seattle accounted for approxi-
mately half of all crimes in the city from 1989 to 2002.

Studies examining the crime trajectories of microplaces over time reveal the poten-
tial for changes in crime at a small number of locations to have an outsized influence
on citywide crime. In Seattle, for example, Weisburd et al. (2004) found that crime lev-
els at most street segments were stable, although sharp declines at a small proportion
of segments (14%) largely accounted for the 24% decline in city-level crime observed
over the course of the study (see also Braga et al., 2010, 2011). Subsequent studies
have investigated the spatial relationships among high crime places, with findings indi-
cating evidence of both street-to-street variability and clustering. Groff et al. (2010),
using the crime trajectories of street segments in Seattle from 1989 to 2004, report
that while clustering was most notable among chronically high crime segments, many
segment trajectories were not associated with nearby segment trajectories (see also
Weisburd et al., 2012; Wheeler et al., 2016). Collectively, research on spatiotemporal
crime patterns signals a need for targeted interventions at small spatial units (Groff
et al., 2010; Weisburd et al., 2012). Moreover, recent research indicates that crime hot
spots are marked by numerous adverse physical and mental health outcomes, making
it even more pressing to address these locations (Weisburd & White, 2019; Weisburd
et al., 2018).

Understanding Crime at Microplaces

Early work in the study of crime across space focused on neighborhoods as the pri-
mary unit of analysis. Scholars at the University of Chicago in the early twentieth cen-
tury asserted neighborhoods are distinct units of social life that vary in their ability to
develop social cohesion among residents and uphold social order. Socially disorgan-
ized neighborhoods – that is, those with weak social institutions and interpersonal
networks among residents – lack social cohesion and the capacity for informal social
control, leading to higher rates of crime and delinquency (Shaw & McKay, 1942). More
recently, scholars have focused on the importance of collective efficacy – that is, the
mutual trust among residents and the willingness to intervene for the common good
– as key in a neighborhood’s ability to realize residents’ common values and exert
social control (Sampson et al., 1997). Yet this neighborhood-level focus fails to account
for what has become an enduring finding: there is substantial variation in crime within
neighborhoods that remains unexamined in studies that treat neighborhoods as
homogenous (Sherman et al., 1989).

Conversely, a number of environmental criminological theories and perspectives –
including routine activities theory, the rational choice perspective, crime pattern the-
ory, and environmental design theory – emerged in the 1970s and 1980s that focused
on understanding crime events (see Weisburd & Eck, 2018; Wortley & Mazerolle, 2008
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for summaries). Collectively, this paradigm identifies criminal opportunity as key to
explaining spatial and temporal variations in crime. Criminal opportunity is high when
people motivated to commit crime perceive they can attack rewarding targets with lit-
tle effort or risk (Brantingham & Brantingham, 1981; Clarke & Cornish, 1985; Cohen &
Felson, 1979). Perceptions of criminal opportunity are shaped by, among other things,
the characteristics of places, including their environmental design (Cozens, 2008;
Jeffery, 1971; Newman, 1972), users and functions (Brantingham & Brantingham, 1995),
and how effectively they are managed (Eck, 1994; Madensen, 2007).

In the past 30 years, research has drawn from both the Chicago School and environ-
mental criminology to investigate variation in crime across small units such as
addresses, intersections, street segments, and businesses (see Groff, 2015). The distinc-
tion between these traditions has diminished over time, as elements of social disor-
ganization, collective efficacy, and informal social control can be viewed as aspects of
criminal opportunity, signaling to offenders the associated effort, risk, and rewards of
crime at a given location (Wilcox & Tillyer, 2018). Indeed, studies of crime and place
have often taken this more integrated approach (e.g. Smith et al., 2000; Weisburd
et al., 2020). For example, a number of empirical studies using discrete choice models
confirm offender spatial decision making in robberies, burglaries, and theft from
vehicles is influenced by both indicators of social (dis)organization and criminal oppor-
tunity (Bernasco, 2010; Bernasco & Block, 2009, 2011; Johnson & Summers, 2015).

As noted above, changes in crime at a few microplaces can have a considerable
impact on a city’s level of crime overall, yet most of what is known about what
accounts for such change at a city’s microplaces comes from research conducted on a
single city. In their study of hot spots in Seattle, Weisburd et al. (2012, 2014) applied
group-based trajectory analysis to identify crime patterns among street segments over
a 16-year period. They then used multinomial regression analysis to determine seg-
ment characteristics that predict membership in a trajectory pattern. Both social char-
acteristics – such as property value, housing assistance, and physical disorder – and
indicators of criminal opportunity – such as bus stops, arterial roads, and public facili-
ties – differentiated stable low crime street segments from chronic hot spots. They,
then, explored how change in segment characteristics influenced crime patterns, but
the researchers urge caution when interpreting these findings because they did not
have data over time for many measures and for others, the time periods are limited.
Changes in social disorganization variables were predictive of increasing and decreas-
ing trajectory patterns. The impact of changes in the opportunity variables were rela-
tively weaker, which the researchers speculate may be due to limited change in
criminal opportunity during the study period and data limitations.

Within this theoretical backdrop, we explore how physical place-based improve-
ments – via private investment in the form of building permits and public regulation
in the form of municipal code enforcement – might contribute to changes in crime at
microplaces. Indeed, a review of the literature by MacDonald (2015) highlights the
various mechanisms by which the built environment might reduce crime at microgeo-
graphic units, while also reducing the reliance on traditional policing strategies for
public safety. From a community criminology perspective, place-based improvements
may strengthen neighborhood housing and economic infrastructure while
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simultaneously increasing residents’ willingness to intervene for the common good,
thus facilitating collective efficacy (Velez et al., 2012). From an environmental crimin-
ology perspective, property owners and those tasked with place management are
viewed as rational actors with multiple functions – including organizing space, regulat-
ing conduct, controlling access, and acquiring resources – that can create or reduce
criminal opportunity (Eck, 2018b; Linning & Eck, 2021; Madensen, 2007; Sampson
et al., 2010). Those with greater investments in their properties and those who experi-
ence physical improvements on their block via code enforcement will have more
incentive to address the underlying conditions that create opportunities for crime.
Moreover, the place-based improvements themselves may change offenders’ percep-
tions about a place’s suitability for crime, which we explore more fully below.

Place-Based Improvements and Crime

Evidence from Mesolevel Studies

Studies on community/economic development initiatives, mortgage lending, urban
revitalization/housing (re)development, and broader redevelopment processes/neigh-
borhood change demonstrates the potential of place-based improvements to influ-
ence crime, although much of this work focuses on larger spatial units (e.g.
MacDonald et al., 2010; Montolio, 2018; Ramey & Shrider, 2014; Shrider & Ramey,
2018). For example, research suggests that business improvement districts (BIDs) (i.e.
special districts created to fund investment and management activities in an area)
may have crime reduction benefits. MacDonald et al. (2010) examined the effects of
30 BIDs on violent crime in Los Angeles from 1994 to 2005 and found that implemen-
tation of a BID was associated with a 12% decline in robbery and an 8% decrease in
total violent crime. Similarly, Seattle’s Neighborhood Matching Fund (NMF) program
demonstrates how parochial partnerships between community members and public
agencies aimed at improving neighborhoods might have the added benefit of reduc-
ing crime. Ramey and Shrider (2014) report a negative relationship between NMF pro-
gram funding and violent crime, with stronger effects in poorer neighborhoods and as
funds accrued over time (see also Shrider & Ramey, 2018). Mortgage lending has also
been associated with crime reductions, although again, much of this work focuses on
larger aggregates, and findings vary based on crime type and neighborhood dynamics
(Saporu et al., 2011; Velez & Richardson, 2012; Velez et al., 2012).

The literature on urban revitalization and housing redevelopment activities also
highlights the potential for investment to produce crime prevention benefits. Research
suggests that some housing investment strategies, such as expanding the affordable
housing stock, may result in crime reductions, with the greatest gains experienced in
distressed neighborhoods (Dillman et al., 2017; Freedman & Owens, 2011; Woo & Joh,
2015). A study examining revitalization in Seattle from 1982 to 2000, Kreager et al.
(2011) found that census tracts in the urban core that experienced the greatest invest-
ment exhibited the largest crime reductions. Within-tract longitudinal analyses indi-
cated a curvilinear relationship between yearly housing investments and crime, with
early phases of investment related to modest increases in crime, and more consoli-
dated forms of investment over time associated with modest crime reductions.
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Finally, redevelopment processes and neighborhood change may also be associated
with crime reduction. A recent study by Branic and Hipp (2018), for example, explored
the relationship between changes in resident sociodemographic characteristics, home
improvement and refinance activity by residents, and crime in Los Angeles using census
tracts to approximate neighborhoods. Using latent class analysis, they identified classes
of neighborhoods that shared similar change patterns from 2000 to 2010, noting six
broad categories of neighborhood change. Among their findings, Branic and Hipp (2018)
report that “urban investor” neighborhoods generally experienced decreases in crime,
and property crime in particular. MacDonald and Stokes (2020) summarize the research
on urban redevelopment processes in the United States that began in the 1990s, high-
lighting the importance of land use changes and infrastructure improvements. Generally,
research indicates that gentrification and related land use changes are associated with
reductions in neighborhood crime, with little evidence of crime displacement, although
the authors note the need for improved gentrification measures and further study of dis-
placement. In addition, the complex nuances of the gentrification-crime relationship war-
rant additional investigation. For example, Papachristos et al. (2011) used the opening of
coffee shops as an indicator of gentrification in Chicago neighborhoods from 1991 to
2005. They report that the opening of coffee shops was associated with declines in hom-
icides regardless of neighborhood racial/ethnic composition. For robbery, however, the
opening of coffee shops was associated with declines in robbery in White and Hispanic
neighborhoods, and increases in robbery in Black neighborhoods.

Place-Based Improvements and Crime at Microplaces

Research conducted at smaller units of analysis also points to the potential public
safety benefits of investment and other place-based improvements, including housing
repair activities, remediation of disinvestment in targeted areas, building permit activ-
ity including demolition, and civil code enforcement. For example, South et al. (2021)
examined the effects of the City of Philadelphia’s Basic Systems Repair Program
(BSRP), which provided grants of less than $20,000 to low-income homeowners to
make structural home repairs. Using a difference-in-differences design to compare
block faces with participating homes to those with homes eligible to receive BSRP
funding but still on the waitlist, the authors report that the presence of a BSRP-funded
home was associated with a 21.9% decrease in crime on the block face. Moreover, the
relationship was dose dependent, with a stronger relationship observed among block
faces with higher numbers of participating homes (South et al., 2021)

Building permits represent private investment in properties, as municipalities require
permits for new construction and demolition, as well as making substantial renovations
and improvements to existing properties (e.g. replacing a roof, demolishing a portion of
a building, changing piping or electrical wiring, creating new doors or windows, and
structural changes).2 Studies that have assessed the impact of building permits on crime

2More information can be found at each study city’s building department web page: https://www.sanantonio.gov/
DSD/Constructing, https://www.ladbs.org/services/getting-started/about-the-construction-process, https://www1.nyc.
gov/site/buildings/property-or-business-owner/property-or-business-owner.page, https://www.chicago.gov/city/en/
depts/bldgs/provdrs/permits.html, https://www.seattle.gov/sdci/permits, https://www.phila.gov/services/permits-
violations-licenses/apply-for-a-permit/building-and-repair/get-a-building-permit/
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have primarily focused on addressing disinvestment through demolition. For example,
housing demolitions were associated with a 90% decline in crime on the same parcel in
Buffalo, New York and a 5% decline in crime up to 1000 feet away (Wheeler et al., 2018;
see also Kim & Wo, 2021). Remediation of disinvestment in the form of abandoned
buildings and vacant lots is used by many local governments as a crime prevention tool
(Accordino & Johnson, 2000) and can produce reductions in crime, including gun vio-
lence (Branas et al., 2016, 2018; Kondo et al., 2015; Moyer et al., 2019; Stacy, 2018; but
see Han & Helm, 2020).

Place-based improvements to properties may also be compelled via civil code.
Code enforcement involves ensuring compliance with rules, regulations, and laws and
is used as a prevention strategy by local governments to eliminate public nuisances
and maintain public health and safety. Violation examples include debris and junk on
private property, building safety concerns, improper use of signs, illegal dumping of
garbage, land use violations (e.g. nonpermitted animals or operation of businesses in
residential zones), noise disturbances, or the construction of structures without a per-
mit.3 The enforcement of municipal codes may lead to place-based improvements
that reduce crime via multiple mechanisms. Sampson (1989), for example, calls for a
broader crime control perspective that identifies the roles of government sectors not
directly tasked with crime reduction, or what he calls “crime effects of noncrime
policies,” positing that lack of code enforcement can contribute to crime via social dis-
organization and neighborhood deterioration (e.g. trash, abandon vehicles, boarded
housing), which creates a perception that local residential social control by is weak.

Given the disproportionate amount of crime observed at relatively few microplaces,
Eck and Eck (2012) argue for regulatory policies that improve place management prac-
tices at high crime locations (see also Eck, 2018b). Eck (2018a) argues that regulatory
approaches for crime control that focus on property owners offer several potential
benefits over policing, including a greater and longer-term crime reductions resulting
from addressing underlying criminogenic conditions; less reliance on criminal sanc-
tions; fewer financial and social costs; less crime displacement and greater diffusion of
benefits; and transferring the responsibility and costs of crime reduction from the tax-
payer to those whose create the conditions for crime (see also Scott, 2004). There is
some evidence that the threat of code enforcement can be used to leverage place
manager cooperation to address high crime locations. In an experiment designed to
reduce crime at private rental properties marked by drug dealing in San Diego, crime
was reduced by 60% among properties whose owners were assigned to meet with a
detective and code enforcement officials to discuss how drug dealing could be curbed
at their property (Eck, 1998). Prior to the meetings, the owners received a letter from
the police describing potential drug enforcement and civil action that could occur to
close the apartment building if the owner failed to cooperate to address drug dealing.

Similarly, Worrall and Wheeler (2019) draw on routine activities theory, positing that
neglectful property ownership is an indicator of weak guardianship or place

3More information can be found at each study city’s code enforcement web page: https://www.sanantonio.gov/ces/
about, https://www.ladbs.org/services/core-services/code-enforcement, https://www1.nyc.gov/site/hpd/services-and-
information/enforcement.page, https://www.chicago.gov/city/en/depts/bldgs/provdrs/inspect.html, https://www.
seattle.gov/sdci/about-us/who-we-are/code-compliance, https://www.phila.gov/departments/department-of-licenses-
and-inspections/inspections/code-enforcement/.
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management that contributes to crime, and that code enforcement officers represent
potential “super controllers,” (Sampson et al., 2010), or those with formal authority
who can alter the behavior of place managers to reduce crime. Such intervention goes
beyond arrest and criminal prosecution to include authority to invoke civil processes
(e.g. enforcing zoning ordinances, minimum housing standards, etc.) to compel behav-
ioral change. In their evaluation of a community prosecution program in Dallas,
Worrall and Wheeler (2019) found that code enforcement targeted at improving resi-
dential and commercial property conditions was associated with a significant decline
in crime in treatment areas over a six-year period relative to control areas.

The Present Study

Federal tax incentives such as Opportunity Zones (Gelfond & Looney, 2018), banking
mandates through the Community Reinvestment Act of 1977 (Getter, 2015), and other
federal, state, and local policies such as the Community Development Block Grant pro-
gram (Rohe & Galster, 2014) encourage development and investment activity in disad-
vantaged communities, many of which also have high crime rates. Yet a substantial
body of research indicates there is considerable within-neighborhood variability in
crime, even in high-crime communities. Microplaces tend to display stable crime levels
year-to-year; fluctuations at a small proportion of places can have a considerable
impact on a city’s overall crime level. Much of what is known about what accounts for
microplace variation in crime within a city comes from Weisburd et al.’s (2012, 2014)
seminal work in Seattle. Their research examines street segment indicators of criminal
opportunity and social disorganization that predict membership in various crime tra-
jectory patterns, with a focus on chronic hot spots. Yet as these authors noted, lack of
access to yearly data on many variables limited their ability to examine what accounts
for year-to-year segment change.

In light of the push to encourage development activity and investment in disadvan-
tage areas, and given research documenting that crime concentrates at relatively few
microplaces, it is particularly important to develop a better understanding of what
accounts for change in crime at small units of analysis to help inform how policies
might be strategically implemented to support place-based improvements for maximal
crime reduction. The current study examines the potential public safety benefits of
incentivizing targeted investment and prioritizing code enforcement at microplaces.
To do so, we use yearly data from six large and varied U.S. cities to investigate how
two indicators of place-based improvements – that is, private investment in the form
of building permits and public regulation in the form of municipal code enforcement
– are associated with changes in crime at street segments. We also consider the
potential effects of place-based improvements on crime at nearby street segments by
examining whether there is evidence of spatial displacement and/or diffusion of bene-
fits (Guerette & Bowers, 2009; Weisburd et al., 2006). In doing so, this research
responds to calls to consider additional means beyond traditional policing strategies
to enhance public safety.
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Data and Methods

This study uses data from Chicago, Los Angeles, New York City, Philadelphia, San
Antonio, and Seattle over eleven years (2008–2018)4 to examine the relationship
between building permits, code enforcement, and yearly changes in crime at street
segments over time (see Table S1 in the Supporting Information for more information
on the data sources). The unit of analysis is the street segment, which includes the
length of a street until it intersects another street, and includes properties and the
events that occur on those properties on both sides of the street. This unit of analysis
has been used in prior microscale studies examining crime patterns in urban settings
and is consistent with research demonstrating street-to-street variability in crime on
adjacent street segments (e.g. Andresen & Malleson, 2011; Groff et al., 2010; Weisburd
et al., 2004, 2012; Wheeler et al., 2016).5 Street segments for all six cities were proc-
essed in ArcGIS Pro based on municipal street shapefiles by creating individual seg-
ments at each intersection.

We estimate Spatial Durbin Models (SDMs) with block group and census tract by
year fixed effects (described below) to control for time invariant microlevel characteris-
tics and time variant mesolevel characteristics. This double fixed effect approach is
similar to that used by Ellen et al. (2013) when examining the impact of foreclosures
on crime, and estimates the effects of placed-based improvements on change in crime
over time. Due to the double fixed effect approach, only street segments in block
groups with variation in the dependent variable and independent variables over the
study period and those in tracts with variation across segments during a given year
(explained in more detail below) are included in the multivariate analyses.6

Dependent Variable

Crime incident data with geocoordinates and dates were collected from the study cit-
ies’ police departments.7 We created the following crime type categories to classify
each incident: (1) violent/personal crimes (e.g. assault, battery, homicide, human

4The only exception is San Antonio, for which the data were limited to 2008-2016.
5For segments with address ranges greater than 100, Weisburd et al. (2004) created multiple segments defined by
“hundred blocks.” For example, they created three segments for a street with addresses ranging from 1 to 299.
6Of all street segments, 91% in Chicago, 85% in Los Angeles, 61% in New York City, 96% in Philadelphia, 89% in
San Antonio, and 98% in Seattle experienced some variation in the dependent and independent variables within
block group and are, therefore, included in our multivariate analysis. We did not systematically exclude any type of
street segment (e.g., highways, roads in parks, etc.) from the analyses. When examining the spatial distribution of
the street segments that were dropped from the analyses due to lack of variation, they were predominately in areas
absent of urban activity where crime, building permits, and code enforcement do not occur. In Chicago, the
majority of the street segments dropped from the multivariate analysis are streets closed to the public at the O’Hare
International Airport and major highways such as I-55, I-290, I-94, and I-90. Major highways (I-5, I-10, and I-405, e.g.)
were also removed from the multivariate analysis in Los Angeles along with many street segments in state parks
such as Topanga and city parks like Griffith Park. New York City had the most street segments removed since it has
an expansive street network of underground tunnels and highways. Street segments in areas such as the John F
Kennedy International Airport, LaGuardia Airport, Rikers Island, Randall’s Island Park, and Governors Island were
removed in New York City. The fixed effects also removed from the multivariate analysis similar areas in
Philadelphia, San Antonio, and Seattle.
7Geocoding is used when data are provided at the address level. Because the crime incident, building permit, and
code violation provided by municipal police and building departments data were point incidents with
geocoordinates (i.e., xy coordinates), there was no need to geocode for this study.
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trafficking, kidnapping, robbery, sexual offenses, and stalking); (2) property crimes (e.g.
arson, burglary, larceny-theft, and motor vehicle theft); (3) public order crimes (e.g.
drug, public indecency, prostitution, and public peace violation); (4) other crimes (e.g.
concealed carry violation, gambling, liquor law violation, intoxicated while driving, loi-
tering, and obscenity) (Weisburd et al., 2012). Crime incidents are aggregated annually
to the nearest street segment.

Independent Variables

Building permit data were obtained from the study cities’ building departments at the
property level with geocoordinates. The data capture a range of investments in the
built environment including new construction, alterations, and substantial renovations
or repair of existing buildings. Therefore, the permits tend to represent capital invest-
ments. Routine preventive and corrective maintenance activities (e.g. replacing entry
locks, repair of water leaks, replacing filters, painting, etc.) are not included in the
building permit data since these types of activities do not require a permit.
Depending on project scale and local procedures, a single project may require several
permits. Building permits have been used as a measure of private investment by prop-
erty owners, with a higher number of permits expected to represent more dollars
invested in an area (Acolin et al., 2022; Lacoe et al., 2018). Building permits are aggre-
gated annually to the street segment.

Code enforcement data were obtained at the property level with geocoordinates
from each city’s department or office responsible with enforcing code as described in
Footnote 3 above. Code enforcement aims to ensure compliance with regulations that
apply to property owners and occupants to limit public nuisances and maintain public
health and safety. Citations are issued to property owners when city compliance offi-
cers receive a complaint or witness violations of city land use and zoning, construc-
tion, noise, housing, or other local codes. Depending on priorities and capacity, offices
vary in terms of administration procedures for enforcement. Code enforcement cita-
tions are aggregated annually to the nearest street segment.

We also incorporate built environment controls that may influence place-based
improvement initiatives. A measure of land use based on Zillow Transaction and
Assessment Dataset (ZTRAX) data controls for whether all properties on a street seg-
ment are classified as commercial, industrial, or residential (Zillow, 2021). Street seg-
ments on which different land uses are present are classified as mixed use. We also
use the ZTRAX data to produce a measure of the number of vacant lots on each street
segment.8

The crime, building permit, and code enforcement data are transformed using the
inverse hyperbolic sine (IHS) to account for the skewed distribution of these variables

8While the crime, building permit, and code enforcement variables are annual measures, the land use and vacant lot
variables are time invariant and based on the reported land use as of 2018 due to data availability; we did not have
access to these measures for all six cities for all study years. Although time variant measures are preferred, we
chose to include these as control variables because land use classification categories are generally stable over time.
It is possible the number of vacant lots on a street segment changed over the course of the study; using a time
invariant measure may depress the size of the coefficients (which nonetheless were statistically significant in 28 of
30 models presented below), but should not introduce systematic biases.
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that include a substantial proportion of zeros in a given year but also a long right tail,
with a large number of crimes, building permits, and code enforcement actions on
some segments.9 The IHS transformation can be expressed
as: IHS xð Þ ¼ log

ffiffiffiffiffiffiffiffiffiffiffiffiffi
x2 þ 1

p þ x
� �

, where x represents the number of crimes, building per-
mits, or code enforcement citations on a given street segment. The IHS transformation
has the same benefits as the log transformation; it adjusts for skewness and a 1%
increase in the IHS transformed independent variable corresponds to a 1% change in
the IHS transformed dependent variable. Relative to the log transformation, however,
it has the benefits of retaining zero and negative values and has been commonly
used for variables that contain a substantial share of zeros (Acolin et al., 2022;
Burbidge et al., 1988; Friedline et al., 2015; Lambert et al., 2010).10

Analytic Technique

We investigate the impact of changes in building permits and code enforcement on
crime in the subsequent year on street segments using a model with block group and
census tract by year fixed effects based on the approach developed by Ellen et al.
(2013) to estimate the impact of changes in foreclosure on crime. The block group
fixed effect allows us to control for all time invariant omitted variables at the block
group level that may be associated with both crime and the covariates. The census
tract by year fixed effect controls for time varying characteristics of the surrounding
neighborhood and allows us to estimate the impact of building permits and code
enforcement on crime among street segments that are in the same census tract. The
combination of fixed effects controls for both time variant and invariant characteristics.
The use of the fixed effects over random effects models is supported by Hausman spe-
cification tests in all six cities.

In addition, we also explore potential spatial displacement and/or diffusion of bene-
fits by examining the effects of building permits and code enforcement citations on
crime at adjacent segments. Spatial displacement occurs when crime is shifted to
another location in response to prevention efforts at specific places, whereas diffusion
of benefits refers to crime prevention that extends beyond the specific location tar-
geted by a strategy (Clark & Weisburd, 1994; Eck, 1993). A systematic review of the lit-
erature on displacement and diffusion of benefits suggests that when displacement
does occur, it tends to represent a fraction of crime that was prevented at the tar-
geted locale (Guerette & Bowers, 2009; see also Hesseling, 1994; Weisburd et al.,
2006). Moreover, some place-based interventions produce wider crime prevention ben-
efits, with nearby locales not directly targeted for prevention experiencing
crime declines.

9Among street segment-year observations used in the multivariate analyses, the percent with 0 crimes in a given
year ranges from 3% in Philadelphia to 23% in Seattle. The percent with 0 building permits in a given year ranges
from 34% in Seattle to 71% in San Antonio. The percent with 0 code enforcement citations ranges from 56% in
Philadelphia to 79% in Los Angeles.
10We also estimated results with log transformations instead of IHS transformations (see Supporting Information,
Table S3). [AQ] The results are largely similar in terms of magnitude, demonstrating that the findings are robust to
alternative specifications.
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We examine the impact of trends on adjacent street segments using the Spatial
Durbin Model (SDM) that includes a spatial lag for both the dependent variable and
the independent variables, including building permits, code enforcement citations,
vacant lots, and land use (Elhorst, 2017; Vega & Elhorst, 2015). To do so, we created a
spatial weights matrix based on all intersecting neighbors for each street segment. For
example, a segment on a regular grid would have six neighbors (three on each end).
The advantage to using the SDM model relative to alternative models is that it allows
us to include a lag for crime (Spatial Lag of X model), which is supported by likelihood
ratio tests in all six cities.

We estimate the following model:

crimebgt ¼ b0 þ b1crimebt�1 þ b1permitsbt�1 þ b2enforcementbt�1 þ b3vacantb

þ b4landuseb þ b5neighcrimebt�1 þ b5neighpermitsbt�1

þ b6neighenforcebt�1 þ b7neighvacantb þ b8neighlanduseb þ cg þ dt þ ebgt

crimebgt is the IHS of the total number of crimes (or crime type) on a street segment b
in block group g in year t. We control for the lag crime, crimebt�1: permitsbt�1 is the
IHS of the number of permits and enforcementbt�1 is the IHS of the number of
code enforcement citations associated with that street segment the previous year.11

vacantb controls for the number of vacant lots on the street segment and landuseb is
a categorical variable that controls for land use. For each of these variables we include
the value of their neighbors. cg is the block group fixed effect and dt is the census
tract by year fixed effect. We cluster the standard errors at the census tract by
year level.12

Results

Table 1 reports descriptive statistics for the six cities and includes the untrans-
formed mean annual crime incidents, building permits, and code enforcement cita-
tions per segment by city.13 The average annual number of crime incidents by
street segment is highest in New York and Chicago (6.5 and 6.2, respectively)

11We include one-year temporal lags, with the expectation that trends over the most recent period have a larger
impact. In Table S4 of the Supporting Information, we also report results for temporal lags up to 5 years for the
crime, building permit, and code enforcement measures. The largest coefficients are for the most recent lag, but the
relationships do persist across years.
12This modeling approach is a form of spatiotemporal difference-in-difference in which results are compared for
crime activity on street segments within tracts so that changes at the street segment level are compared to changes
in other street segments within the same tract. This is a modified version of the Two-Way Fixed Effect (TWFE)
approach used for panel data (de Chaisemartin & D’Haultfoeuille, 2020; Wooldridge, 2019) that has been applied in
urban economics to a set of issues for which there are time varying social phenomena at small geographical scales
that can arguably be expected to be influenced by similar trends at the mesolevel (Delgado & Florax, 2015; Ellen
et al., 2013). Our paper adopts a similar modeling approach to Ellen et al. (2013) who include tract�year fixed
effects and blockface fixed effects. As noted in Ellen et al. (2013) and in a recent review of the TWFE approach by
Wooldridge (2021), this approach does not completely address endogeneity concerns but allows for more flexibility
than the standard difference-in-difference estimator over two periods.
13As noted above, we transformed these variables in the multivariate analyses using the inverse hyperbolic sine
(IHS) to account for their skewed distributions. Table S2 in the Supporting Information presents the descriptive
statistics by municipality for the IHS transformed variables for the sample of street segment-year observations
included in the regression analysis. It is, therefore, a subset of the overall number of street segment-year
observations that does not include those without variations within the fixed effect groups as described above.

12 M. S. TILLYER ET AL.
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followed Philadelphia (4.6), San Antonio (3.6), Los Angeles (2.3), and Seattle (1.9).
Property crimes are the most common reported crimes in all cities. The average
annual number of building permits per segment is highest in New York (4.4), fol-
lowed by Chicago and Seattle (1.7). The average number of code enforcement cita-
tions per street segment is highest in Philadelphia (2.8), followed by Chicago (2.4),
New York (1.1), and San Antonio (0.9). New York and Chicago have the highest
average number of vacant lots per street segment (0.8 and 0.7, respectively), fol-
lowed by Philadelphia (0.6) and San Antonio (0.5). Residential is the majority land
use in all cities except Chicago (42.6%), where mixed use street segments are most
common (49.1%). Mixed use street segments are the second most common type in
Los Angeles, New York, Philadelphia, and Seattle, while commercial is the second
most common type in San Antonio.

In terms of the relationship between indicators of place-based improvements and
year-to-year changes in total crime at segments, the results show a consistent nega-
tive and significant relationship for both building permits and code enforcement cita-
tions (see Table 2). Specifically, a 1% increase in building permit activity is associated
with a 0.2% to 0.4% decrease in total crime in Chicago, Philadelphia, and San Antonio.
The estimated relationship is somewhat smaller (less than 0.1%) in Los Angeles, New
York, and Seattle, but statistically and economically significant.14 With respect to code
enforcement citations, the relationship is of greater magnitude in Los Angeles, New
York, and Seattle, with a 1% increase in code enforcement citations associated with a
0.3% to 0.5% decrease in total crime. The effect in Chicago, Philadelphia, and San
Antonio was smaller, yet still significant, with a 1% increase in code enforcement asso-
ciated with less than a 0.1 decline in total crime.

When observing the effects of adjacent street segment building permits and code
enforcement citations on total crime, the coefficients are smaller (0.1 or less), but stat-
istically significant. The only exception is adjacent segment building permit activity in
Seattle, which was not associated with a statistically significant change in total crime.
The absence of positive relationships indicates no evidence of immediate spatial dis-
placement to nearby segments resulting from private investment and public regula-
tion. Moreover, the significant and negative effects of adjacent segment building
permits and code enforcement suggest place-based improvements at microplaces
result in substantial spatial spillovers, whereby a diffusion of benefits produces
declines in crime levels on neighboring street segments.

The findings also indicate a strong degree of persistence in crime trends at the
microscale in all six cities, with a 1% increase in crime in the previous year associated
with a 0.3% to 0.5% increase in crime in year t. In addition, a higher number of vacant
lots on the segment and on surrounding segments is associated with higher levels of
total crime in all cities. Relative to residential streets, commercial and mixed-use seg-
ments tend to have higher levels of crime, while the relationship is mixed but mostly
negative for industrial streets (exceptions are Seattle, where it is positive and

14Though explaining cross-city differences is beyond the scope of the present study, difference of coefficients tests
(Paternoster et al., 1998) reveal that the reported effect sizes vary significantly (p < .01) between cities, with the
exception of the effect of building permits on total crime and property crime in Chicago and San Antonio; the effect
of code enforcement on disorder in Los Angeles and San Antonio; and the effect of code enforcement on other
crime types in San Antonio and Seattle.

14 M. S. TILLYER ET AL.
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significant, and San Antonio, where the relationship is not significant). Similar relation-
ships are found for the surrounding streets with neighboring segments that are indus-
trial having more of a mixed relationship with crime (negative and significant in
Chicago and Philadelphia, positive and significant in Los Angeles and New York City,
and nonsignificant in San Antonio and Seattle).

In addition to total crime, we also examined the relationship between place-based
improvements and each crime type (i.e. violent crime, property crime, disorder, and
other crime). These results are largely consistent with the overall results, with higher
building permit and code enforcement citations associated with declines in crime.
There are, however, differences in magnitude by crime type. Table 3 reports the results
for violent crime. The findings are consistent with the total crime models indicating
negative and significant effects of building permits and code enforcement citations on
changes in violent crime. The magnitude of the relationship for building permit activ-
ity is similar to total crime, with 1% higher building permit activity associated with a
0.2% to 0.4% decrease in crime levels in Chicago, Philadelphia, and San Antonio; the
estimated effect is less than 0.1% in Los Angeles, New York, and Seattle but statistic-
ally significant. The three cities with weaker building permit effects on violent crime
experienced stronger code enforcement effects, similar to the results for total crime. In
Los Angeles, New York, and Seattle, a 1% increase in code enforcement citations is
associated with a 0.1% to 0.6% decrease in violent crime; the magnitude is less than
0.1% in Chicago, Philadelphia, and San Antonio but still statistically significant. As with
total crime, spatial spillovers were observed in all cities, with adjacent segment build-
ing permits and code enforcement citations negatively and significantly related to vio-
lent crime (with the exception of building permits in New York City).

Table 4 presents the results for property crime. Of all the crime types, the observed
effects of both building permits and code enforcement are strongest for property
crimes across all cities. Negative and significant effects for building permits and code
enforcement citations on changes in property crime at street segments are observed
for all cities. The magnitude of these relationships ranges from �0.09 in New York to
�0.5 in Chicago and San Antonio for a 1% increase in building permit activity and
�0.1 in Chicago and Philadelphia to �0.8 in Los Angeles for a 1% increase in code
enforcement. Evidence of diffusion of benefits is also strongest for property crime. For
both adjacent segment building permits and code enforcement, the effect on property
crime across all study cities was negative and statistically significant, with the largest
magnitude of spatial spillover for any crime type.

Although building permits and code enforcement exert consistent negative and sig-
nificant effects on public disorder crimes and other crimes, the magnitude of these
relationships is not as strong as those observed for property and violent crime. An
exception is in Los Angeles, where permit activity is associated with increases in dis-
order and other crimes, although the size of the estimated relationships is small; a 1%
increase in building permits increases disorder and other crimes by 0.03% and 0.06%,
respectively. With respect to investment activity and code enforcement on surround-
ing segments, the effects tend to be substantially smaller than those resulting from
changes on the street segment itself, but the relationships remain negative and statis-
tically significant (Tables 5 and 6).
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Discussion

There is now a well-established body of research documenting the concentration and
general stability of crime at microplaces, leading to calls for focusing crime prevention
at lower levels of geography for more efficient and effective intervention (e.g.
Weisburd et al., 2014). While the evidence of such spatiotemporal patterns comes
from numerous cities, research on what accounts for change in crime at a city’s micro-
places is limited. The results from our analyses of data from six U.S. cities reveal that
two mechanisms for place-based improvements – private investment in the form of
building permits and public regulation in the form of municipal code enforcement –
were significantly associated with changes in crime at street segments over time in all
six cities. We observed no evidence of immediate spatial displacement to adjacent
segments. Rather, findings indicate moderate diffusion of benefits: code enforcement
citations on neighboring segments were significantly associated with reductions in
crime in all six cities, as were building permits in five of six cities.

While building permits and code enforcement were significantly related to changes
in all types of crime across all study cities, additional research is needed to explore
the extent and sources of crime type-specific and city-specific effects. For example, the
effect sizes were consistently largest for property crime, perhaps indicating that prop-
erty crime might be more susceptible to the potential criminal opportunity reduction
and informal social control that accompanies place-based improvements. While effects
were significant for all study cities, the effect size of building permits was largest in
Chicago, San Antonio, and Philadelphia, while the effect size of code enforcement was
largest in Los Angeles, Seattle, and New York. Although additional research is needed
to explore the extent of cross-city differences and their sources, potential explanations
include varying regulatory environments, development pace, and population growth.
For example, research suggests that coastal markets are generally more highly regu-
lated (Gyourko et al., 2008), and each city has different processes, procedures, and pri-
orities for code enforcement that may change by administration. Bartram (2019) found
building inspectors in Chicago tend to target professional landlords and wealthy
homeowners in issuing code violations, which is counter to what is often discussed in
the literature about the allocation of code enforcement functioning as an extension of
the criminal justice system and reproducing economic and racial inequality (Huebner
& Giuffre, 2022; Lieb, 2018).

Implications

Weisburd et al.’s (2012, 2014) findings from Seattle were pivotal in demonstrating the
need to allocate scarce resources to smaller scales; in particular, they argued that their
“results provide support for the application of formal social controls such as hot spots
policing, and reason to consider applications of social prevention programs at the
local level of chronic crime hot spots” (2014, p. 41). Our findings buttress theirs and
suggest there is a case to be made for extending microscale intervention to include
policies that incentivize and compel investment in high crime places. Such interven-
tions could serve dual goals of improved public safety and economic development.
High crime locations are often correlated with numerous physical and mental health

JUSTICE QUARTERLY 21



consequences (e.g. Weisburd & White, 2019; Weisburd et al., 2018). While the mecha-
nisms between these harms are not clearly understood, interventions that address
safety and economic concerns seem promising and worthy of further investigation.

Indeed, the limited recent research on specific placed-based improvement programs
indicates crime reduction can result from these practices outside of traditional policing
strategies (e.g. Alonso et al., 2019; South et al., 2021). Policies do exist that incentivize
and coerce place-based improvements, although they often target larger spatial scales.
For example, the federal Tax Cuts and Jobs Act of 2017 incentivized development in
underserved communities (Gelfond & Looney, 2018). Private investment in census
tracts labeled as Opportunity Zones, certified by the U.S. Department of the Treasury
as economically distressed neighborhoods, can defer tax on capital gains invested in a
Qualified Opportunity Fund for up to nine years. That said, some observers have ques-
tioned whether the law permits state policymakers to designate relatively affluent
areas as Opportunity Zones, and whether wealthy investors, not low-income commun-
ities and residents, largely accrue the benefits (e.g. Jacoby, 2019). Given that crime
clusters at a small number of places within census tracts, incentivizing more targeted
investment at may prove to be more efficient in both supporting local development
and maximizing crime reduction.

As expressed by Worrall and Wheeler (2019), this does raise additional questions
about how to target such action to avoid unintended negative consequences, such as
exacerbating inequities that displace residents or differentially penalize underrepre-
sented business owners. The aforementioned Basic Systems Repair Program, which
offers small grants to low-income homeowners in Philadelphia, is one example of a pro-
gram that provides direct investment to current residents (South et al., 2021). Moreover,
targeted code enforcement might be best prioritized at those properties with owners
who have multiple high crime properties. Recent work by Lee and Eck (2022) demon-
strates how the long-observed relationships between place types and crime are dimin-
ished once land parcels are clustered by owner, highlighting the importance of poor
management practices in producing crime at microplaces. Interventions with owners of
multiple high crime properties may prove to be particularly efficient.

There is the opportunity to capitalize on existing programs and resources by priori-
tizing efforts on smaller spatial scales to maximize crime prevention benefits. Every
city has programs that target community and economic development investment. The
six cities included in this study have dozens of existing initiatives, from a series of
home repair programs, such as Under 1 Roof, Owner-Occupied Rehabilitation and
Reconstruction, and Green & Healthy Homes in San Antonio; retail business tax
exempt programs like Accelerated Sales Tax Exemption Program (ASTEP) in New York
City that supports the construction and renovation of spaces for food retail business
in underserved communities; to entire citywide planning initiatives such as We Will
Chicago and OurLA. Rarely, however, is crime reduction an explicit goal and measured
outcome of these programs. Yet the results of this study suggest that leveraging these
existing initiatives for crime prevention may yield additional public benefits. For
example, working in conjunction with analysts from police departments, municipal
community and economic development officials may want to consider including crime
in the criteria for prioritization efforts. Furthermore, city personnel may challenge the
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notion of planning initiatives and programs at the emblematic neighborhood scale
and instead apply these criteria at smaller scales for the most impactful allocation
of resources.

Study Limitations and Future Research

Although the current study’s methodology has many strengths, there are some limita-
tions that warrant further discussion and offer directions for future research. While one
strength of our study is the use of data from six cities, not all cities provide the same
level of detail about permit activity (e.g. types of permits, dollar value of improve-
ment) and code enforcement (e.g. types of violations, compliance, etc.). As such, the
measurement of our key independent variables – counts of building permits and code
enforcement citations – may not fully capture the variation in private investment and
public regulation that spur subsequent place-based improvements. Although we
observed significant effects across all cities, more precise measures of place-based
improvements may in fact reveal more nuanced relationships than those reported in
the current study. For example, Kim and Wo (2021), examining the effects of the
demolition process and demolition types on crime in Los Angeles, found that different
stages and types of demolition had varying effects on crime reduction (e.g. permitted
demolition had a greater impact than completed demolitions on burglary reduction
for residential but not commercial properties). Future research examining the effects
of building permits should distinguish between residential versus commercial, new
construction versus renovation, building permits over certain dollar amounts, and/or
by trade (e.g. electrical, plumbing, etc.). Similarly, code enforcement can be further
categorized by land use/zoning (residential, commercial, industrial, etc.) or code types
(e.g. building safety concerns, illegal dumping of garbage, land use violations, noise
disturbances, etc.).

The current study reports significant effects of building permits and code enforce-
ment across a diverse set of cities, thus strengthening external validity. Moreover, we
relied on observational data over a substantial period of time across six diverse cities.
However, we did use data over a specific period of time marked by general urban
growth, protests against the police, and decline in overall crime (although violent
crime did begin to rise in 2014). It is unclear whether such relationships exist in differ-
ent social and economic contexts. Research using data from the 1970s and 1980s (or
data from specific cities that experienced continued decline into the 2000s and 2010s,
or pandemic era data) would be useful to confirm whether the findings can be repli-
cated in different historical periods. More research is needed to confirm whether simi-
lar effects are found using experimental or quasi-experimental approaches (e.g. South
et al., 2021), as well as whether crime reduction can be linked to changes in incentives
to invest in an area (e.g. Spader et al., 2016) or code violation enforcement policies.

Similar to many other studies examining the spatiotemporal crime patterns of cities,
we used street segments as the unit of analysis, a decision guided by methodological
and theoretical considerations. As Weisburd et al. (2014) have argued, the location
accuracy of policing data coded to the segment is likely much better than that coded
to the address or parcel. Moreover, every effort was made in the present study to
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create measurement consistency across the six study cities; we suspect that location
accuracy differences across cities are mitigated by aggregating to the segment relative
to the address or parcel. In addition, using address-years would have resulted in many
more zeros for our measures of investment, code enforcement, and crime, with most
addresses not experiencing these during the study. One criticism of using street seg-
ments is that investment and code enforcement are targeted at specific properties,
not segments as a whole. Yet there are theoretical and empirical reasons to suspect
that the potential public safety benefits are not limited to the specific property. For
example, Linning and Eck (2021) recently proposed a “Neo-Jacobian perspective” that
draws on Jane Jacobs’ (1961) work and the importance of shop keepers, property
owners, and government agencies in cities, arguing that management at “places” (i.e.
addresses) by these actors can produce crime control along street segments and even
larger areas. Empirically, the findings reported herein related to the effects of building
permits and code enforcement on adjacent segments is consistent with the premise
that nearby microgeographic units can influence one another. That said, we do
encourage additional research that can distinguish the effects of place-based improve-
ments on crime at the parcel versus street segment.

Finally, while our findings suggest place-based improvements to microplaces are a
promising crime reduction tool, prior research suggests that microplace characteristics
do not uniformly encourage or discourage crime, but rather can interact with other
factors to influence crime patterns. Recent research by Tillyer et al. (2021), for example,
tested hypotheses regarding the moderating influence of census block group-level
characteristics on the relationship between block-level characteristics and crime. They
found that particular place types often labeled as “crime generators” (e.g. bars, liquor
stores, convenience stores, gas stations, etc.) were more strongly related to block-level
crime in neighborhoods with high levels of concentrated disadvantage and vehicular
traffic, while these same place types were less criminogenic on blocks in communities
with high levels of civic engagement. This raises the question of whether there are
factors that might amplify or depress the crime reductive benefits of economic invest-
ment and regulation. Indeed, two recent studies in Philadelphia suggest that the influ-
ence of place-based investments on crime at microplaces may vary depending on the
broader context. MacDonald et al. (2022) estimated the impact of vacant lot greening
on crime and the moderating influence of nearby land use. Vacant lot greening was
associated with a decline in crime, although the effect was smaller near train stations
and alcohol outlets and larger near active businesses. Similarly, the City of
Philadelphia’s Basic Systems Repair Program (BSRP), which provided grants to low-
income homeowners to make structural home repairs, was associated with significant
reductions in crime, with reductions greatest in areas in the highest crime quartile
(South et al., 2021). Future research should explore the ways in which the effects of
investment and regulation on crime might vary depending on context.

Conclusion

Prior work on the study of crime and place indicates that changes at relatively few
microplaces can have an outsized impact on a city’s overall crime level. The current
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study’s findings reveal that two indicators of place-based improvements – private
investment in the form of building permits and public regulation in the form of code
enforcement – are significantly related to year-to-year changes in crime at microplaces
across six large U.S. cities. These findings suggest public safety planning should go
beyond policing strategies to include efforts that incentivize and compel physical
improvements to high crime microplaces, including redirecting existing resources allo-
cated for community and economic development investment typically distributed at
the mesolevel.
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